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ABSTRACT

The rapid advancement of artificial intelligence and machine learning technologies is driving innovation across various industries,
with natural language processing offering substantial opportunities for the analysis and processing of text data. The development of effective
text classification models requires several complex stages, including data exploration, preprocessing, feature extraction, model selection,
hyperparameter optimization, and performance evaluation, all of which demand significant time and domain expertise. Automated machine
learning (AutoML) aims to automate these processes, thus allowing practitioners without specialized knowledge to develop high-performance
models efficiently. However, current AutoML frameworks are primarily designed for structured data, which presents challenges for unstruc-
tured text data, as manual intervention is often required for preprocessing and feature extraction. To address these limitations, this study
proposes a web-based AutoML platform that automates text preprocessing, word embedding, model training, and evaluation. The proposed
platform substantially enhances the efficiency of text classification workflows by enabling users to upload text data, automatically generate
the optimal ML model, and visually present performance metrics. Experimental results across multiple text classification datasets indicate
that the proposed platform achieves high levels of accuracy and precision, with particularly notable performance when utilizing a Stacked
Ensemble approach. This study highlights the potential for non-experts to effectively analyze and leverage text data through automated
text classification and outlines future directions to further enhance performance by integrating Large language models.
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Table 1. Leaderboard Performance Metrics for Each Dataset

Mean per
Dataset Models Log loss class RMSE
error

StackedEnsemble

BestOfFamily 0.06319 | 0.04353 | 0.12292
StackedEnsemble

AllModels 0.06325 | 0.04398 | 0.12291

Spam Text GBM_1 0.06475 | 0.04583 | 0.12149

& XGBoost_2 0.06907 | 0.05219 | 0.12885

XGBoost_1 0.07277 | 0.04664 | 0.13228

GLM_1 0.08027 | 0.04833 | 0.14166

DRF_1 0.11807 | 0.06200 | 0.14556
StackedEnsemble

AllModels 0.53123 | 0.19189 | 0.41125
StackedEnsemble

Craigslist BestOfFamily 0.53231 | 0.19113 | 0.41156

Job GBM_1 0.54145 | 0.19524 | 0.40895

XGBoost_1 0.56914 | 0.20066 | 0.41244

XGBoost_2 0.57820 | 0.20225 | 0.41156

GLM_1 0.65400 | 0.21705 | 0.45132

Table 2. Performance Evaluation Results
on the Spam Text Message Dataset

Metric Value (%)
Accuracy 98.36
Precision 96.71

Recall 98.11
Fl-score 97.39

Table 3. Performance Evaluation Results
on the Craigslist Job Dataset

Metric Value (%)
Accuracy 80.88
Precision 81.36

Recall 81.44
F1-score 81.37
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