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Dynamic recomposition of document category
using user intention tree

Hyo Lae Kim'- Young Cheol Jang'- Chang Hoon Lee'!

ABSTRACT

It is difficult that web documents are classified with exact user intention because existing document classification systems are based on word
frequency number using single keyword. To improve this defect, first, we use keyword, a query, domain knowledge. Like explanétim based
leaming, first, query is analyzed with knowledge based information and then structured user intention information is extracted. We use this
intention tree in the course of existing word frequency number based document classification as user information and constraints. Thus, we can
classify web documents with more exact user intention. In classifying document, structured user intention information is helpful to keep more
documents and information which can be lost in the system using single keyword information. Our hybrid approach integrating user intention
information with existing statistics and probability method is more efficient to decide direction and range of document category than existing
word frequency approach.

7I4E : o=@ (Intention Information), EAIE R (Document Classification)
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CE 1) A# XAdjo|ae| =

Health and Medicine
{disease (cancer (stomach cancer
(prevention (leisure (sport or exercise,
tour or trip )},
(prohibition (drink, smoke +)) ;
(drug (vitamin, dietition or

dietision +++)) ;
(treatment (radiobiology)) ;

(herb (needle ) ;
(drug () ;

(liver cancer);

{prevention) ;

(treatment) ;

(diabetes)} ;

{diet (method (exercise (running, cycle, ) ;
(alimentotherapy or diet cure (fruit (apple, graph, --));
(cereals (rice, ) ;
(vegetables (cucumber,
potato,
carrot, =) ;
(chinese medicine (matrimony vine, milk vetch ) ;
(nature (black pea, water, ) ;
{diet consultation)} ;
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Func TransFORM(Int, k)
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TransFORM(Int, k)

Int : intention
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3.3.1 7199=94 Intention Set7TA
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3.3.2 Int(i) ¥ZF%H7L
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o2 2FU FAL AA AdxEE WYY =M EF
ojlm J|HE WIESF §& 2A @ AY wlo]Aud
A dolszte] #BAAE ARHoz BFE Aot ol
1§ 378 2AsY g EF HEHIE 44 ¥
+ Ao

Aol A o)) 7E 1,2€ N=F, FA dfd A &
A BF stEndy A7 71FeE ALHA o

43 85 i el 7Y

Aol o] SAG AHEA Y& ER ARE AL E
e EAEL 74 A= Het 2§ FAsA |
ol EAEY 2FH AANE 2FAE 9n& BEE @
5494 &7 oy a5 EME BEd BEAY 2A7%
g} o2 @ A8A dEs 24 = #EA B A

€ 7189 JI9E HEFE o8 FA EF A W
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Group Constructor
K.B Based
classification
Group Feature extractor
constraints Statistical
classification

(3 7) FHED2 MY 2

4.3.1 Group constructor
4249 (28 6)A AY gxgd B2 EMEY 1F
& PAP XS BAFZAA ou)E R}y ¢
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HME 1§ Aolzg 2A TR EXNUHAAM FHE
280 gUIE F7) HAAE 2§ Ao|2E HA TR

4.3.2 Group feature extractor
aFUeN BAAEE Yohle QAR 9dH 2L A
THE AMSEY.
@ 2EW EME 2@ AEHA0IE =25 EF
Hol)
@ 1§ Zol (AXAYED)
2 9o BF 2F 52 AT BAE AT 5 A

4.3.3 Category rebuilder

v Zgd ZAE Jlead AAdA Group feature
extractor BAGA BAE AFzA AuislE EA49 AR
g w7, 23

oleje] sielzalE (1Y 6)9 A& EdA AYE 7E
9, 1§ 943 Zo| 3, ol 3 olulY A FHE A8
(¥ 9% 2 EAMESR st st A7dEn

o s 74 dy3H(generalize)
o ¥ A AANdeE 24y
o Hol2A : EAE Y JE2 AT o A= £
gad SIS A4
« A2 923F AR B FE FE FE Y &
FIa§F BA 4A
« 0l3Y 949 9 EU #YE 1§94 FY2E
24
c oy BE 21§94 EA->TEF FExE Y3
- gd #F 2§94 EA-9Y €224 xE4
ga
NS ggd AT FeEind (29 8)2 (14 6)39
71&0] Hlws] £ of golFAol fAviEo] HALF “‘C AF"
& AR IntrootZ “D8 £A"7} o] 559 st a7} Al
TFAE

5 AlE A HII

D-car AN£89 J5& A7 fAsted EX EFAY
g A3} ogriorz AU ¥ AA=E HTML
YHoz ojFo|A { o2 J¥aArt dAY 49
AL (29 103 2o

Int
root
A B c D
D4 08
E o7 DI 08 F D2
09 o10 03 D5

(28 8) ezl ZAHB FiEDe 7Y

Int
root
A B c D
04 06
E o7 0l F D2
D9 D10 D3 D5

(3% 9) EMER FHEH2 XM7Y

e aE A7A SaEFe 03 2o
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F g oA EXE AT AR EFojE A 4Ho]
28 §8o AR =g EA3a AdE Hgdte 4
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2R Al A ALEALY & 43 g A EAE &
o] g4 dAlE F4stEa B WA FHE FAY
F AE A% 2H F& ol &8 AR dx EE A
e #Y L 498

AN E AR Ok EE o83t Wk FEd
ZAY BA BF e ATdste A¥e @

E AHEAY HEE 2AFE A3AM doE AR 23S
AR s 242 BAUYE ok HHES 3o § FiA &
A& FM, £33 D-car Al=dd AR A3
o g ALRE S BARGREE <E 2>9% 2o o] 9
e 2 3t BAE EFIAT

(# 2> U HI0IE set

A9] 7% [dpei [ =4 edda [d4n

12 | AH2HA) o i | ¢, AR310 ok ¥
2% | AH8AKB) | delolE | Y | HeloE, () | el

5.1 D-car Al2g AH

5.1.1 AHA 9= Eg] 44

194 Agelie Aoz BHA AHEAY =
d€ Asizte 349 e A EME A4dshe dde
g (29 1D AHSAY BFo] A4 Ho] A8 FaA
N s Uk #A3 AR Ao E ALEsto
7oA € EAE s il AA4E 34 HTML

cancer/prevent
leisure jhibition drug

exercise -« - drink smoke  vitamin

AEX o E2|E ALBE B3 JtH 12| T4 663

%

AA, 4ol AA, 297 A, TF-IDF ¢2F 5&
¥ 498 HdE

284 Aol gollA AXE AR & A ERE
o] g3l B A XA ALEAY YxE FEHE
AZA FEHHL ol 2t

229 A9 A <E 3> AEA 9= oA AN 2
2A9 dE 719=7t 9o

D1 {prevent, treatment, cancer, diagnose, gastric, isbn, *--} none
D2 {diet, drug, prevent, smoke, screen, cancer, diet, ---}
<« prohibition
D3 {cerreal, diet, esophagu, fiber, health, protect,h, -}
« leasure
D4 {associ, cancer, chanc, decreas, tour, factor, gastric, *-}
+ leisure
D5 {agent, cohort, drug, diet, exercise, medicine, smoke, -}
« drug
D6 {drank, drink, tea, research, cholesterol, coffee, tea, -}
< drug
D7 {chanc, decreas, gastric, smoke, stomake, ---} < prohibition
D8 {diet, evid, prevent, risk, supplement, guot, metaplasa, ---} none
D9 {fear, doctor, pain, stress, worry, persist stomach, -}

« prohibition
D10{food, reduc, smoke, treatment, tobacco, prevent, -}
<« prohibition
(3t 3) regression table
words intention
{excercise, tour, health, -~} {leisure}
{medicine, colesterol, tea, '} {drug & nutrition}
{stress, worri, smoke, tobacco, diet.} {prohibition}
{running, vegetable, -} {diet}

(38 1) o= DHER|Y SHE0H 4 - 1XIo|H
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39 AAAE gelA AAE AR = AA E
72 o83t B AYL A F (29 12)% & A%
A 9% Egst A4dr ¢ HolA HAXE ve 2o
“leisure”, “prohibition”, “drug” %<& 9 =7} ANE “oW”
EgUe] EA37) Q& ol Mg AAHL D2 A4
o B¢ “diet"zte AEL ‘A Euid EAEA ¥
232 thgeo NBYES “smoke’dte ©H R HIE FAA
J <l “prohibition”0] "ol A JEg B WAHE AL B
ot 281 DI, D8Y A%+ =AM EHA A
ZZo0] oz e BEAHoRR ALEAY ok EdE TAH
7 gou HlEsy FEd o5 EA7 EREe 33 £
F At

cancerfprevent

leisure prohibition drug

(][] [ee][or] [oo][on] [os] [oe]

(3% 12) AR2R 2 =E2] @ 1Ko |

AHE Y& ERE o] §8ta 7|&d EFHAA JE2
2o Wigstd Azg st et Aee2 AFAHE A
£ BoFojof @t FtengE A7 AHA
cobweboll o8] BAE FA £/ EHE AHEL A=
Grt Hge 9 v, 2o o ste FEF AYAR
71&%). ofdl 19L& cobwebd] o3 AHE M EF
gl

(2% 13)8] BARF EE AEA Ik B ¥
3o} A E AT AN BY R WA A
ol Yotk ¢4 (2 129 AR = EE 152
2 AAstn 2F71EE “dol 3, “HejFez dAFEY.
o] 71&& Aol ok Fgol mAA AT A&
Ciaz8

B4 ggd o3 BEojd BF EFE AR gk B
X ARG 71Fo fuigoz WA, o] dasith

D = {{D3, D4} {D2, D7, DS, D10} {D5, D6}}-& W =+%
g9 EAEF Ed sty ¥, 24 Y. R 2L ok
g o

rx

im

m o

(33 13) cobweboll 2|8t EAEFES| : 1X{0lX|

@ (29 1) EZA DY 94E b EFE TEF
® rootd ANt 47hoth(dol A%7IE A :
AT 2o(BEAE FHOE EFAA)

@ {{D7, D3} (D2, D8} {D6{D1, D9}} {D5{D4, D101} %
3 e 18 D2 AY

® ¥4 D29 9= EU 2F 24

® D21§2 94 D7, D9, D10 A A

® D7, D9, D10 £M 9] 3% H¥ExE X3 (root)

® root ot & D2 °|F

O @¥A J=aF 945 2 o €284 IFW v}
2 AN,

olff 1YL AR Y& Egd] o3 ¥, 2HE EF

Ego|t}.

(38 14) EMRR FHED2] 7Y - 1Rl

5.1.2 ¥4 7Hez8 74
24 APAAME AR o=y Qo 13 ARolA “o” &
AEHNE JHdAZ ANE A EF el #7112
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(32 15) 2|=XJH E2|of SHollK|EA : 2Kl

diet/method
excercise  alimento chinese nature- -
theraphy medicine
running frut matrimony pea
cycle cereals  vegetables vetch water--
“fololE” FATMES UHAA EF¥ch oy F 7

S 98 AASE 229 15 Y4 Ak AR Bl
MESe] SAR cobwebBE A2HE (1Y 1DAA 2]
At AAY 29 HololE BAF ¢ #R BA 1§02
% ERAE H4E vALD: o8 484 9E 4] 4n
g AHgdtel dndsl By HPL AR ATYHE HY
& 4¥sg

<E 2> A A§AB)9 Hol8) SETel §eslo] 184
BAAA AgAS E A S 2R 33
2 HTMLE 2 A7, #§0) A7, 289 A2, TF-IDF &
2% 5 $993 448 F&dA BAE (29 153
2o,

GoIA AHE AEA A% A 22E ol g3t e
A EANA AR 87 228 FAAEE 14 Yol
Kok o] A8 S oA 44 1 EAS BE A9}
A0 SR G dA BAE Bl SE A7) E2E ol
Aol 14 4Y4E AVE (29 16% 2ol 487 9= £
7t A4

AIM 44T 48R JE EFE (28 IDAA nelF
& cobwebol Sl 448 BA 27 ulaeise gz
A2¢ AHaE7t ATHE, B8 £49 A4 9% 2
EgUol g F&o] o BAIEE ALgA 9%
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