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A Post Web Document Clustering Algorithm

Younghee Im*

ABSTRACT

The post-clustering algorithms, which cluster the results of Web search engine, have several different requirements from conventional
clustering algorithms. In this paper, we propose the new post-clustering algorithm satisfying those requirements as many as possible. The
proposed Concept ART is the form of combining the concept vector that have several advantages in document clustering with Fuzzy ART known

as real-time clustering algorithms. Moreover we show that it is applicable to general-purpose clustering as well as post—clustering

JINE : X2 WHAEE YT\ (post-clustering algorithm), 7 YE{(concept vector), Fuzzy ART, Concept ART
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He 3 7 fAS S 2EH9 7MEA] dEIE AA dF =
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5 BE A H5 21 BSEA gornz dEY g4
(search) #Aglo], ZutE N 2& slelne g st A48t
3, 0T 48 Hdg s "

A (5-5)& WEdtE 1F dod e 8438 4t b
A e Age o3 213l

AF(W, X) = MF(W ", X;) (5-6)

metd B =2dAE Wy 58 4 6-2)9 843 @
9 AxEEE Holgo A HAal(reset)ol AT AT +
5= E & resonance fRH9 HEES {3 g FHE
AASAT ol FAEEI A% Pt T A5 5
E 348 222630 Concept ART7F H4d 4%, dx
o) &4 o] g glod vy F4E wWE ALY "
7t glenz Fad FHol & 4 gt

Resonance f'd¢] M9 : ¢4 4% Concept ART
M E wi 4ot 45 T geng oge A ¢

3] resonance F4< MHE + Qo)

AF(WP X)) 2p (6-7)

ol jo=arg ;T {AF(W, Xp)elth

e AL g A FeLE AER e A
(679 ZA W% 24 VEAA BE B9, BE T
HAgel A2e AHRAE YT, AT 9 AEE 7
34 Mgz ggEn.

AEA AN(EE %) : 499 Selae jeol e A
5-Tol BESW, 4 AHL shelaa jeol FIHT o
sl Aol o8 A% /1EA WG 2HB,

WiV =wP + X, (5-8)

Concept ARTAME 71d HE o A4dg 1dstA 37)
d3te, 3 Se2E 7HER HEE 44 4Y dYE
9] o] H=2 ) wEhA 7pFA YA GEES 1T
gart o, ALEx7E dEdol ste fYE MeyE 29
2€39 HHYE 2/ F A& A HeRoltt F AA
W7l 48 ARTY F82HES § o AEg52 74
Hel gelE F&A dch

B =FdA Aetd Concept ARTE a2 sparse ¥
A He e e & M WE o S8 2HY

Adest 2 A MAo] Wagle 4AT 2H2HY 9
9% ARTE 288 M2¢ Auo) 49 2ejaHy ¢
EEENIE

Step0. Normalize input pattern with L2 norm.
Initialize Weights :
wi® =X,
Stepl. While Stopping Condition is false, do Step 2-7
Step2. For each training input, do Step 3-6
Step3. Set activation of all F; to zero
Step4. Compute Activation Function :
%
AF(W®, X)) = X;» ———, j=1,
' Iwiol
Step5. Find j* with max activation
Step6. Test for reset :
H AF(WL, X)) 2 p then

Wi = wi + X,

else new processing element allocation :

c=c+1
WéHl) — X,

Step7. Test for stopping condition

(222! 1) Concept ART ¥2|E
6 A8 da % =4

B =794 Ard Concept ARTS #8448 Hol7]
A8 e Al ZEA doly gl oigt A¥E s3I
Cig=

1) Iris : Iris dlo]El& B& A7 8NN S8y gag
9 4% H71g 94 WAvL (bench-marking) o]
HER da AHSETh Al 7ol E8287t 2+7F 5071 ¢
dolel 2 T4 =, Z} dlo]E = 47t EAZFE et
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3) GUINEA : 3] 8288 dngF22M 9] Concept
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