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for Personalized Classification
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ABSTRACT

Many more use e-mail purely on a personal basis and the pool of e;mail users is growing daily. Also, the amount of mails, which are
transmitted in electronic commerce, is getting more and more. Because of its convenience, a mass of spam mails is flooding everyday. And yet
automated techniques for learning to filter e~mail have yet to significantly affect the e-mail market. This paper suggests Web Mail Filtering
Agent for Personalized Classification, which automatically manages mails adjusting to the user. It is based on web mail, which can be logged
in any time, any place and has no limitation in any system. In case new mails are received, it first makes some personal rules in use of the
result of observation ; and based on the personal rules, it automatically classifies the mails into categories according to the contents of mails
and saves the classified mails in the relevant folders or deletes the unnecessary mails and spam mails. And, we applied Bayesian Algorithm

using Dynamic Threshold for our system’s accuracy.
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3.3.1 The Web Mail Interface Module
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e comp.graphics : ©| 9| x|, A&, A7, HFEH Y~
]

® comp.os.ms-windows : Ms-Windows, &% #4](0S)
#+

® comp.sys.mac.hardware : 714, #FH =9

® misc.forsale : #31, &% #HH

® recauto : AERL B3 #H ZE Eof

® rec.spot.baseball @ 2% = T BE o}

® sci.electronics @ AAHA| &

® scispace : HEE, 5, 74, Ad @4

e talk politics.guns : A2, AF3] B#H

® spamn : &= #HY

Date : 4% (yvyy-mm-dd hh : mm : ss)
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Subject : WL A5 (test subject)
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Date: 2083-01-13 15:58:31 é
From: Searcher7@mail.con2.com

Subject: Help: Corrupted mages?

Lines: 24

Host of the images on my hardrive can no longer be opened. When I
tried to open a jpeg, I get a pop-up like the Following:

“14157485_371170.jpg : JPEGC Decode error "
“Invalid JPEG file structure: SOS before SOF"

And when 1 try to open a bitmap I get something like the following:
“p:¥Images | 48.bnp"

“Paint cannot read this file"

“This is not a valid bitmap file, or its format is not currently
supported”

1 have these problems with just about every image I attempt to open.
Are they corrupted, and is there a way to correct this problem?

Thanks a lot.

barren Harris
Staten Island, Hew York.

Searcher7@mail.con2.com
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8864%E HoFa g} o]l&E Aog Zt Fig g E "HA Category Precision Rate
EFNS b HEHQ AY A= ZF < 1> =453 —e—Number —@—Total data —a&—Correct data I

25000
ungmail/check result, SSpIVaIUSSTRENNIN [=] |
Total Mail 317
Talk.politics.guns 281( 88.64 ) -
UNKNOWN 25( 7.89 )
SPAM 1(0.32) 10000
Misc.forsale 8( 2.62 )

Rec.sport.baseball 1( 0.32 ) 5000 =
Comp.graphics 1( 0.32 ) ;

category item
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Number|  Category Item |total data|correct data | Precision(%) i Using
1 comp.graphics 12310 10687 % o Byemls
2 comp.os.ms-windows 321 295 92 50000 essheld
3 |comp.sys.mac.hardwore 840 748 29 40000
4 misc.forsale 23100 21714 N g b 3 e
5 rec.autos 17180 14431 8 g = | ——

6 res.sport.baseball 16210 15075 93 | Gorrect datail)
7 sci.electronics 9820 8936 91 10000 1| % correct data(2)
8 sci.space 240 199 83 o
9 talk.politics.gus 24310 20664 8 i1 2 3 4 5 6 7 8 9 10
10 spam 11210 BX77 89 Category Item
= e (28 13) S5 AARIE M2 F JlHneY HuE 22X
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Number Category Item Total data Correct date(1) Precisionl(%) Correct date(2) Precision2(%)

1 Comp.graphics 23579 20278 86 21457 91

2 comp.os.ms-windows 573 527 92 470 82

3 comp.sys.mac.hardwore 1578 1404 89 1215 T

4 Misc.forsale 38434 26128 M 38050 9

o rec.autos 23712 19918 84 20155 &

6 res.sport.baseball 17124 15925 93 16610 97

7 sci.electronics 12354 11242 91 10624 86

8 sci.space 11694 9706 83 9940 8

9 talkpolitics. gus 62915 53478 85 59140 94

10 Spam 7260 6461 89 6897 B

total 199223 176512 184558
Average 836 89.1
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