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An Efficient KNN Algorithm

Jae Moon Lee'

ABSTRACT

This paper proposes an algorithm to enhance the execution time of kNN in the document classification. The proposed algorithm is to enhance
the execution time by minimizing the computing cost of the similarity between two documents by using the list of <document, weight> pairs,
while the conventional kNN uses the list of <term, weight> pairs. The list of <document, weight> pairs can be obtained by applying the matrix
transposition o the list of <term, weight> pairs at the training phase of the document classification. This paper analyzed the proposed algorithm
in the time complexity and compared it with the conventional KNN. And it compared the proposed algorithm with the conventional kNN by using
reuters-21578 data experimentally. The experimental results show that the proposed algorithm outperforms kNN about 90% in terms of the ex-
ecution time.

FIHNE : BM BR(Document Classification), #& BAM(Training Document), A|¥ 8M(Testing Document), kNN, NaiveBayes,
SVM, BAM #E{(Document Vector)
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