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The Effectiveness of High-level Text Features
in SOM-based Web Image Clustering

Soosun Cho'

Abstract

In this paper, we propose an approach to increase the power of clustering Web images by using high-level semantic features from text
information relevant to Web images as well as low-level visual features of image itself. These high-level text features can be obtained
from image URLs and file names, page titles, hyperlinks, and surrounding text. As a clustering engine, self-organizing map (SOM)
proposed by Kohonen is used. In the SOM-based clustering using high-level text features and low-level visual features, the 200 images
from 10 categories are divided in some suitable clusters effectively. For the evaluation of clustering powers, we propose simple but novel
measures indicating the degrees of scattering images from the same category, and degrees of accumulation of the same category images.
From the experiment results, we find that the high-level text features are more useful in SOM-based Web image clustering.

Key Words : Web Image Clustering, High-level Text Features, Self-Organizing Map
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