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Efficient Representation and Matching of Object Movement
using Shape Sequence Descriptor

Min-seok Choi'

ABSTRACT

Motion of object in a video clip often plays an important role in characterizing the content of the clip. A number of methods have been
developed to analyze and retrieve video contents using motion information. However, most of these methods focused more on the analysis
of direction or trajectory of motion but less on the analysis of the movement of an object itself. In this paper, we propose the shape
sequence descriptor to describe and compare the movement based on the shape deformation caused by object motion along the time. A
movement information is first represented a sequence of 2D shape of object extracted from input image sequence, and then 2D shape
information is converted 1D shape feature using the shape descriptor. The shape sequence descriptor is obtained from the shape descriptor
sequence by frequency transform along the time. Our experiment results show that the proposed method can be very simple and effective
to describe the object movement and can be applicable to semantic applications such as content-based video retrieval and human
movement recognition.

Keywords : Shape sequence descriptor, Shape sequence, Movement recognition, Movement retrieval
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