2ol 0zetel 2

A9 7St THES WA
gol Tz 7% e g

LA
of 2 =

& A E-

2 o

HAH AP g 7] #4 Ao 496 este FAE Y BAHE sk, AAEACA HET £ oHE &7 Fo
2 ddgch YEFE o] &4 Ao 4 e G A delA EHE oHE Aol 2R EA Fuele]l & oHE SyHoR P
E Aolth. ¥ =R oAHUEE o4 2o 3L AT F A& olf DHEE WG F ol I 7 A AL A A
o] ol Fo] LAY oFEL == EHEL, ofJE Alolo] THEF oA FAR o] To] 2HTE R HEE AL F
& %3 A Ao A% YANTE 7Y E ALt FE3Y AFE 98 YEA I TREC WTI0g HEE M o3t
AYellA dold ok MAP 37} 7]FelA 64% $48E 2.

1= o 2, ©o 4, BYHH, Fo| HF, HAEYI YIF

Query Expansion based on Word Graph using Term Proximity
Kye-Hun Jang' - Kyung-Soon Lee"

ABSTRACT

The pseudo relevance feedback suggests that frequent words at the top documents are related to initial query. However, the main
drawback associated with the term frequency method is the fact that it relies on feature independence, and disregards any dependencies
that may exist between words in the text. In this paper, we propose query expansion based on word graph using term proximity. It
supplements term frequency method. On TREC WTI10g test collection, experimental results in MAP(Mean Average Precision) show that
the proposed method achieved 6.4% improvement over language model.
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