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Extended High Dimensional Clustering using
Iterative Two Dimensional Projection Filtering

Hye-Myung Lee'- Young-Bae Park'"

ABSTRACT

The large amounts of high dimensional data contains a significant amount of noises by its own sparsity, which adds difficulties in high
dimensional clustering. The CLIP is developed as a clustering algorithm to support characteristics of the high dimensional data. The CLIP is
based on the incremental one dimensional projection on each axis and find product sets of one dimensional clusters. These product sets contain
not only all high dimensional clusters but also they may contain noises. In this paper, we propose extended CLIP algorithm which refines the
product sets that contain clusters. We remove high dimensional noises by applying two dimensional projections iteratively on the already found
product sets by CLIP. To evaluate the performance of extended algorithm, we demonstrate its effectiveness through a series of experiments
on synthetic data sets.

IIHE - DAH F22AEE (high dimensional clustering), 2X8 Z2HM(two-dimensional projection), && HEI@ (noise filtering)
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