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Frequent Patterns Mining using only one-time Database Scan

Duck Jin Chai" - Long Jin"

- Yongmi Lee™

Tt Raanas

- Buhyun Hwang - Keun Ho Ryu

ABSTRACT

In this paper, we propose an efficient algorithm using only one-time database scan. The proposed algorithm creates the bipartite graph
which indicates relationship of large items and transactions including the large items. And then we can find large itemsets using the
bipartite graph. The bipartite graph is generated when database is scanned to find large items. We can't easily find transactions which
include large items in the large database. In the bipartite graph, large items and transactions are linked each other. So, we can trace the
transactions which include large items through the link information. Therefore the bipartite graph is a indexed database which indicates
inclusion relationship of large items and transactions. We can fast find large itemsets because proposed method conducts only one-time
database scan and scans indexed the bipartite graph. Also, it don’t generate candidate itemsets.

Key Words : Data Mining, Association Rule, Bipartite Graph
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Mining of Frequent Structures over Streaming XML Data

Jeong Hee Hwang'

ABSTRACT

The basic research of context aware in ubiquitous environment is an internet technique and XML. The XML data of continuous stream
type are popular in network application through the internet. And also there are researches related to query processing for streaming XML
data. As a basic research to efficiently query, we propose not only a labeled ordered tree model representing the XML but also a mining
method to extract frequent structures from streaming XML data. That is, XML data to continuously be input are modeled by a stream
tree which is called by XFP_tree and we exactly extract the frequent structures from the XFP_tree of current window to mine recent
data. The proposed method can be applied to the basis of the query processing and index method for XML stream data.

Key Words : Stream Data, XML Data, Frequent Structure Extraction, XML Mining
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